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Introduction: The present study examines the relationships between processing speed (PS), mental 
health disorders, and learning disorders. Prior work has tended to explore relationships between PS 
deficits and specific diagnoses in isolation of one another. Here, we simultaneously investigated PS 
associations with five diagnoses (i.e., anxiety, autism, ADHD, depressive, specific learning) in a large-
scale, transdiagnostic, community self-referred sample. Method. 843 children, ages 8–16 were included 
from the Healthy Brain Network (HBN) Biobank. Principal component analysis (PCA) was employed 
to create a composite measure of four PS tasks, referred to as PC1. Intraclass correlation coefficient 
(ICC) between the four PS measures, as well as PC1, were calculated to assess reliability. Results. 
ICCs were moderate between WISC-V tasks (0.663), and relatively modest between NIH Toolbox 
Pattern Comparison and other PS scales (0.14–0.27). Regression analyses revealed specific significant 
relationships between PS and reading and math disabilities, ADHD-inattentive presentation (ADHD-I), 
and ADHD-combined presentation (ADHD-C). After accounting for inattention, the present study did 
not find a significant relationship with Autism Spectrum Disorder. Discussion. Our examination of PS in 
a large, transdiagnostic sample suggested more specific associations with ADHD and learning disorders 
than the literature currently suggests. Implications for understanding how PS interacts with a highly 
heterogeneous childhood sample are discussed.

Defined as the mental speed at which an individual is able to perceive and react to stimuli with reasonable 
accuracy1,2, processing speed (PS) is a core component of human intelligence. In the context of early skill and 
knowledge acquisition, faster PS is thought to enable cognitive and academic progression by allowing for greater 
allocation of attention to higher-level tasks3. In other words, individuals with faster PS require less time and 
cognitive resources to carry out low level tasks, allowing for greater attention to more advanced cognitive devel-
opments. PS has been shown to be an important factor in academic achievement and test scores4,5, as well as 
childhood peer relationships6 - indicating the importance of understanding the intricacies of PS deficits and 
their relations to function beyond academic performance. While impairments in PS are most commonly dis-
cussed in the context of learning and learning disorders, a growing literature has suggested potential links to a 
range of pediatric mental health disorders - thereby increasing the relevance of PS to the broader mental health 
community.

Processing speed and psychopathology
Within the psychopathology literature, processing speed deficits have been most commonly examined and 
detected in the context of schizophrenia7. More recently, other studies have turned toward examining processing 
speed difficulties across other childhood psychological disorders. Mayes and Calhoun8,9 published two stud-
ies regarding processing speed being a potential transdiagnostic factor with samples that were impressive in 
size (n > 800), though somewhat limited representation of common disorders of childhood (e.g., mood, anxiety, 
learning) beyond ADHD. Here, we leverage the large-scale transdiagnostic Healthy Brain Network initiative, and 
the multiple indices of processing speed it includes, to further explore associations between processing speed and 
mental health disorders.
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Processing speed and learning
The relationship between PS and learning disorders is a largely studied topic, and the literature indicates that chil-
dren with learning disorders frequently have PS deficits8–15. PS deficits have been most commonly associated with 
specific reading disorder (RD)13,16–18, though one study found that the relationship between reading decoding and 
low PS disappears after the age of eight3. Though specific math disorder (MD) is less commonly studied with PS, 
some studies have found significant PS deficits in children with MD when compared to their typically-developing 
counterparts12,19,20, while others have found no significant differences in PS scores21,22.

Processing speed and ADHD
To date, beyond learning disorders, PS deficits are most consistently associated with attention-deficit/hyperac-
tivity disorder (ADHD) in the mental health literature23–34. Some studies show that children with ADHD have 
lower PS scores than those with other clinical disorders, indicating PS has potential to help inform diagnosis23,24. 
However, there is notable variation in severity of impairment associated with ADHD, mitigating this relation-
ship35. In considering potential sources of variation across studies, it is worth noting mixed results for PS find-
ings across ADHD presentations (i.e., inattentive (ADHD-I), hyperactive/impulsive (ADHD-H), combined 
(ADHD-C)). Some research has shown that all three presentations have similar PS deficits, indicating that PS is 
not a differentiating factor within ADHD presentations25–28. Others have found that ADHD-C and ADHD-I are 
both associated with PS deficits24,29, while many have indicated that only children with ADHD-I demonstrated 
PS deficits30–34,36. Of note, inattention has been specifically associated with PS deficits when treated as a dimen-
sional symptom, as well as reading deficits37–39. Finally, it is worth noting that comorbidity amongst MD, RD, 
and ADHD has also been associated with low PS, and the relationships between these deficits continue to be 
explored20,40–44.

Processing speed, autism, and internalizing disorders
PS deficits have been appreciated in mental health disorders beyond ADHD. Most notably, PS deficits have been 
explored in the pediatric autism spectrum disorder (ASD) literature8,9,29,45–47, where specific associations with 
global functioning48 and general executive functioning deficits9,49–51 have been recognized. A few studies have 
reported that PS deficits in ASD remain even after controlling for general intelligence2,52, while other studies 
have failed to find any evidence of PS deficits either way53,54. One study has attempted to explain ASD-related PS 
deficits in terms of motor demands55. The inconsistent results of PS findings in the ASD literature, similar to the 
observations in ADHD, make it difficult to understand the diagnostic usefulness of PS. Although less studied than 
ADHD and ASD, there is evidence of potential associations between PS deficits and internalizing disorders (e.g., 
anxiety, depressive). For example, a few studies found significantly lower PS scores for children with depression 
but not for those with anxiety8,56,57; though most of the literature has generally found non-significant relation-
ships9,34,58,59. Dimensional symptoms of depression and worry-related symptoms of anxiety were found to predict 
lower PS scores in a high school sample60.

Methodology of examining processing speed and psychopathology
The emerging literature suggesting associations between PS deficits and mental health disorders is not without 
limitations. Most notable is the tendency to look at specific disorders in isolation. It is well established that mental 
health disorders have a high degree of co-occurrence, especially between ADHD, ASD, SLD (specific learning dis-
order), and anxiety16,46,54,61–66. Such comorbidities can confound the establishment of specific relationships when 
not appropriately accounted for; additionally, they may signal similarities in the underlying etiologies, which may 
be of interest. Compounding these challenges are variations in assessment strategies across studies, which can 
differ in the level of comprehensiveness of the diagnostic picture established for an individual, as well as whether 
they generate DSM categorical diagnoses or dimensional characterizations of psychopathology. These differences 
both hinder the ability to synthesize findings across studies, as well as decrease the likelihood of reproducing find-
ings. Finally, consistent with the larger literature for pediatric mental health and learning is the reliance on rela-
tively modest or moderate sample sizes, which inherently increases the risk of generating irreproducible findings.

The present study
In this study, using the large-scale, transdiagnostic sample being generated by the Child Mind Institute Healthy 
Brain Network (HBN) Biobank, we provide a comprehensive examination of associations between PS deficits and 
mental health disorders. Given that to date, there is no gold standard assessment of PS, we leverage the presence 
of the four assessments of PS in HBN (NIH Toolbox Pattern Comparison Task (NIH PC), Wechsler Intelligence 
Scale for Children, Fifth Edition (WISC-V) Symbol Search, WISC-V Coding, and a computerized adaptation of 
WISC-IV Symbol Search) to improve the robustness of our assessment of PS. Specifically, we used principal com-
ponent analysis (PCA) to calculate a composite score from the four assessments for the purposes of our primary 
analyses. Aim 1 of the present study examines inter-measure reliability among four popular processing speed 
tasks to provide insight into their comparability for future work. From the four tasks, we generate a composite 
measure for the purposes of the remaining analyses, which would be expected to be most stable67 (supplementary 
analyses confirm comparability of findings with individual measures). Aim 2 examines transdiagnostic associa-
tions between processing speed and psychopathology. Finally, Aim 3 of the present study examines relationships 
between mental health and processing speed dimensionally. Both Aim 2 and Aim 3 rely on a multiple regression 
framework to establish the specificity of associations between key mental health disorders and symptoms (ADHD 
presentations, SLD subtypes, ASD, anxiety, depression) and deficits in processing speed - a key piece of knowl-
edge needed for efforts focused on establishing transdiagnostic perspectives of mental illness.
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Method
Participants.  Data were obtained from the Child Mind Institute Healthy Brain Network (HBN) Biobank 
(release 6.0; n = 2093), which uses a community self-referred recruitment model to generate a transdiagnostic 
sample; the sample is largely comprised of children (ages 5.0–21.0) affected by one or more mental health and 
learning disorders (Alexander et al., 2017). Children taking stimulant medication are asked to discontinue use 
while testing unless instructed by their physician to do otherwise. Research assistants obtained written informed 
consent from the participant’s parent or guardian and written assent from the participant before study tasks com-
mence; this study was approved by the Advarra Institutional Review Board in accordance with the Declaration of 
Helsinki. There were two study sites for participants: one in Staten Island, NY and one in Midtown, NYC; both of 
these sites are governed by the same review board, which reviewed, approved, and monitors the ongoing study. 
We identified datasets to be included in the present work based upon the following criteria: (1) ages 8–16 (mean 
= 11.53 SD = 2.43); (2) complete data available for the four PS tasks (described below), 3) absence of extreme 
outlier scores (>3 SD) for the PS tasks, 4) a full scale IQ score >70.

Processing speed.  A total of four tasks were used to estimate processing speed: Coding and Symbol Search 
which are two subtests of the WISC-V68 that make up the Processing Speed Index (PSI); a computerized adap-
tation of the WISC-IV69 Symbol Search task during the HBN EEG protocol (the WISC-IV was specifically cho-
sen for this adaptation to avoid any repetition of stimuli with the WISC-V); and the NIH Toolbox70 Pattern 
Comparison task. See Table 1 for a brief description of each of these tasks.

General intelligence.  All HBN participants were administered the core 10 subtests from the WISC-V by a 
licensed clinician to obtain a full-scale IQ (FSIQ), along with its component scores. WISC-GAI (general ability 
index) was also calculated. WISC-GAI is a measure of intelligence derived from weighted core verbal compre-
hension, fluid reasoning, and visual-spatial subtests, creating a measure of intelligence with a reduced emphasis 
on working memory and processing speed.

Psychiatric diagnosis.  During the last visit of the HBN protocol, the clinician administers the Kiddie 
Schedule for Affective Disorders and Schizophrenia (K-SADS), a semi-structured DSM-V-based psychiatric 
interview used to derive clinical diagnosis, to both the participant and the parent. The clinical team, including 
the licensed clinician, social worker (or junior psychologist), and psychiatrist (if consultation is needed), uses 
the K-SADS along with observations from clinical visits and questionnaires to provide a consensus diagnosis for 
each participant. The anxiety group in analyses includes children who received a current diagnosis of any anxi-
ety disorder. The depression group in analyses includes children who received a current diagnosis classified as a 
depressive disorder, including major depressive disorder, persistent depressive disorder (dysthymia), disruptive 
mood dysregulation disorder, and other specified depression.

Learning disabilities.  Specific learning disorder diagnoses were made by licensed psychologists based upon 
the reported educational history as well as results of the WISC-V, Wechsler Individual Achievement Test, Third 
Edition (WIAT-III), Test of Word Reading Efficiency, Second Edition (TOWRE-II), and relevant subsections of 
the Comprehensive Test of Phonological Processing, Second Edition (CTOPP-2). Given that these diagnoses 
were based on clinical judgment rather than a specific research cutoff, one concern is that they may be overly 
conservative relative to more commonly used research definitions for learning disability in the literature. To 
address this concern, we expanded our learning disabilities groups to additionally include any participant with a 
WIAT-Word Reading score <85 for Specific Learning Disability-Reading (called the SLD-Reading group), and 
a WIAT Numerical Operations score <85 for Specific Learning Disability-Math (called the SLD-Math group). 
Categorical regression analyses included these groups based on the above criteria.

Parent and self-report questionnaires.  Families were administered questionnaires to report on par-
ticipants’ behavioral, social, cognitive, and emotional functioning. Parents completed questionnaires per-
taining to their children on the computer while in the office. Participants electronically completed self-report 

Task Administrator: Brief description

WISC-V Coding Clinician
The Coding task requires participants to write a symbol that corresponds to a number 1–9, 
given a key at the top of the page. They have two minutes to complete as many as they can. 
Errors count negatively, omissions count neutrally

WISC-V Symbol 
Search Clinician

The Symbol Search task requires participants to determine if one of two symbols has an 
identical match in an adjacent series of symbols. For every line of symbols, participants are 
required to mark the symbol that matches one of the two set aside on the left of the page. If 
the symbol is not repeated in the line, they mark the word “NO”. They have two minutes to 
complete as many as they can.

WISC-IV 
Symbol Search 
Computerized

Computerized 
text instructions, 
RA to assist

Like the interviewer-based WISC-IV symbol search, each item contains two symbols and 
an adjacent series of symbols. However, children click “YES” if one of the two symbols 
is repeated, or “NO” if neither symbol re-appears in the series. They are instructed to 
complete as many items as possible in two minutes.

NIH Toolbox- 
Pattern 
Comparison

Computerized 
verbal 
instructions, RA 
to assist

Participants determine whether two images on the iPad screen are the same. Images 
differ by color, number of items, or completeness. Participants click YES if they are the 
same, and NO if they are not, as quickly and accurately as they can. Instructions are given 
verbally from the iPad with a trained research assistant in the room.

Table 1.  Processing Speed Task Descriptions.
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questionnaires about themselves and their family while in the office. If a participant could not comprehend the 
questions or had difficulty with reading comprehension, a research assistant read the questions to the partici-
pant. The HBN includes the following relevant questionnaires: Demographics, Barratt (Scale for Socioeconomic 
Status)71, Child Behavior Checklist (CBCL)72, Screen for Child Anxiety Related Disorders (SCARED) parent and 
self-report73, Mood & Feelings Questionnaire (MFQ), parent and self-report74, Affective Reactivity Index (ARI) 
parent and self-report75, Strengths and Weaknesses Assessment of Normal Behavior (SWAN) parent report76, 
Autism Spectrum Screening Questionnaire (ASSQ)77, Social Communication Questionnaire (SCQ)78, and Social 
Responsiveness Scale-2 (SRS-2)79.

Motor control.  To control for possible confounds related to motor skills, the Grooved Pegboard Test (GPT)80 
is used to assess eye–hand coordination and motor speed. It is critical to include motor control in studies related 
to processing speed due to their common overlapping deficit30,31,47,55,61,81.

Quality assurance.  Intelligence testing is scored by the licensed clinician. Assessments are double scored by 
trained research assistants to ensure correct counting. Scores are then entered by a research assistant and double 
entered by a separate research assistant to ensure correct entry.

Data reduction.  Principal components based on the four PS measures (WISC-V Coding, WISC-V 
Symbol Search (WISC-SS Clinician), WISC-IV Symbol Search (WISC-SS EEG), and NIH Pattern Comparison 
(NIH-PC)) were generated using the prcomp function in R. The four measures’ raw scores were converted into 
standardized scores in order to run the PCA analysis, as the raw scores are on differential scales. Standard scores 
were derived from the test manual for each measure. The WISC-V uses the child’s raw score and age to determine 
their standard score; age bands are broken down into four-month increments (i.e. children who are 8 years and 0 
months through 8 years and 3 months). The NIH Toolbox similarly uses the child’s raw score and their age band 
to compute standardized score according to their norms; age bands are broken down into one year (i.e. all 9 year 
olds). The first component from this analysis is used in these analyses and referred to as PC1, and the second 
component is referred to as PC2. Primary analyses in the present work were focused on PC1, which represented 
the common variance among the four tools (Supplementary Materials report secondary findings related to PC2).

Statistical analysis.  To address Aim 1 of the present study, single-fixed raters intraclass correlation coeffi-
cient (ICC) between the four PS measures and PC1 were calculated. In addition, Pearson’s correlation coefficient 
was calculated between PC1 and WISC-V FSIQ, WISC-V GAI, and the grooved pegboard dominant hand z-score 
to assess the relationship between PS, intelligence and motor control. Significance values were FDR-corrected to 
account for multiple comparisons.

In order to assess the effects of psychopathology (i.e., categorical diagnoses) on PS as outlined in Aim 2, mul-
tiple linear regression analyses were performed on PC1, using categorical diagnoses from the clinician consensus 
diagnosis (ADHD-I, ADHD-C, ASD, anxiety, depression), the learning disability groups described above, as 
well as sex, age, SES, collection site, and grooved pegboard z-score as predictors. We also show results of each of 
these individual diagnoses in a regression with confounding variables predicting PC1, in order to determine how 
they relate to PC1 before accounting for the other diagnoses. In these regressions, p values were FDR-corrected 
to account for multiple comparisons concerns arising from the number of models calculated. The same analyses 
were run on each of the four PS subtests for comparison, yielding largely congruent results which can be found 
in the supplemental materials. The ADHD-Hyperactive presentation diagnosis was not included in the analysis 
due to the low number of participants with the disorder. A separate categorical regression that included WISC-V 
FSIQ was included to assess the role of overall intelligence in these relationships.

To address Aim 3, we examined the role of psychiatric symptomatology (i.e. symptom dimensions) in PS using 
Pearson correlations. Age and sex were regressed out of non-standardized symptomatology questionnaire scores. 
The scales that had a significant relationship with PC1 were then entered into a multiple linear regression model 
in order to examine how these dimensional symptoms interact with PS when accounting for each other. We 
entered the following scales into the regression to analyze their predictive value for PS: SWAN (Inattentive and 
Hyperactivity subscores), SRS, SCQ, ASSQ, sex, age, SES, collection site, and grooved pegboard dominant hand 
z-score. As with the categorical regression, dimensional symptoms were also run individually with confounding 
variables predicting PC1 to examine individual relationships. In these regressions, p values were FDR-corrected 
to account for multiple comparisons.

Given observed patterns of relationship between ADHD presentations and PS, a post-hoc analysis of the 
impact of inattentive symptoms on the relationship with PS and clinician diagnosis was calculated in a multiple 
linear regression with SWAN-Inattentive scale as an added predictor.

Results
Sample characteristics.  After participant exclusion, the total sample consisted of 843 participants (535 
male, 308 female). 48.75% identified as white, 12.57% as black, 10.44% as Hispanic/Latino, 17.08% as two or 
more races, 6.29% as unknown/unavailable, 3.20% as Asian/Pacific Islander, and 1.67% as other. For 47.81% of 
children, one or both parents had a professional or managerial occupation. Regarding those excluded (n = 1,250), 
828 were excluded due to age, 414 were excluded due to incomplete data (e.g., failure to complete the HBN EEG 
protocol, which included missing either the computerized adaption of WISC IV Symbol Search [n = 263]; one of 
the other PS tasks [n = 117]; incomplete demographics questionnaire [n = 34]), 5 were excluded due to having 
a score >3 SD from the mean on one of the four PS tasks, and 3 were excluded due to completing the tasks at an 
off-site location.
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Clinician-derived diagnostic groups included the following: ADHD-inattentive presentation (N = 244), 
ADHD-combined presentation/(N = 216), Autism Spectrum Disorder (N = 130), SLD-Reading (N = 127), 
SLD-Math (N = 58), anxiety (N = 265), depression (N = 74). Note that the research-derived learning groups, 
described above, have higher samples sizes (reading=175, math=198) and these are used for analyses in this 
manuscript.

Inter-measure reliability.  Results for Aim 1 indicated lower than expected correlations between the meas-
ures, as well as high reliability for PC1, indicating the utility of using the composite measure. Single-fixed raters 
intraclass correlation coefficients (ICC) were higher between PC1 and each of the four individual PS measures 
than between the four individual PS measures (See Table 2). WISC-SS Clinician had highest reliability with 
WISC-Coding, followed by WISC-SS EEG, and had the lowest reliability with NIH-PC. WISC-Coding had 
moderate reliability with WISC-SS EEG, and low reliability with NIH-PC. NIH PC also had low reliability with 
WISC-SS EEG. Given the low to moderate reliability between measures (ranging between 0.14 and 0.66), and the 
strong reliability between PC1 and all four measures, PC1 was used as the main PS construct for all analyses. This 
finding that the composite measure is more stable than the tasks themselves is consistent with current literature 
using this methodology67.

The first principal component (PC1) accounted for 59.16% of the total variance and is included in the primary 
analysis. All four individual PS measures loaded positively onto PC1, with NIH-PC having the weakest relation-
ship. Correlations between PC1 and the four measures indicated strong associations: WISC-SS Clinician r(841) = 
0.84, p < 0.001; WISC-Coding r(841) = 0.81, p < 0.001; WISC-SS EEG r(841) = 0.79, p < 0.001; NIH-PC r(841) 
= 0.60, p < 0.001).

The second principal component (PC2) accounted for 19.07% of the variance, which was less than 25%, i.e. the 
percentage of variance explained if all four principal components accounted for the same percentage of variance. 
PC2 largely isolated differences between the NIH Pattern Comparison task and the other three paradigms; this 
is not surprising, as this task is the only one that does not contain the working memory requirements or overall 
complexity of the WISC-based processing speed tasks. Although not directly relevant to the overarching con-
struct of processing speed (represented by PC1), we included an examination of PC2’s associations with cognitive 
factors and psychopathology in our Supplementary Materials.

Accounting for potential confounds: age, sex, SES, motor control, full scale IQ.  The false discov-
ery rate-corrected Pearson correlations between parent and self-reported questionnaires of psychopathology and 
PC1 resulted in positive correlations between PC1 and sex (r(841) = 0.20, p = <0.001) and SES as measured by 
the Barratt (r(836) = 0.18, p = <0.001). PC1 and age were not significantly correlated (r(841) = −0.06, p = 0.10), 
likely due to the fact that age-standardized scores were used for the four subtests. Collection site was also not 
significantly associated with PC1 (r(841) = 0.019, p = 0.5731). The correlation between PC1 and motor control, 
as measured by Grooved Pegboard task using the participant’s dominant hand, was significant (r(837) = 0.38, 
p = <0.001), suggesting motor control might be a possible confound. Thus, we included motor control, together 
with age, sex, SES, and collection site as covariates in multiple regression analyses.

A common question in the processing speed literature is whether it is necessary to account for the contribu-
tions of other components of intelligence to processing speed related findings. To accomplish this, some studies 
control for full-scale IQ when testing for associations with PS, while others view this as too conservative, as pro-
cessing speed is one of its determinants. We considered the possibility of using the general ability index (GAI), 
which is similar to FSIQ but does not include processing speed or working memory in its calculation; this is com-
monly used clinically to provide a potentially more independent depiction of general intelligence in individuals 
with PS deficits. However, the correlation between WISC-GAI and WISC-FSIQ was extremely high (r(818) = 
0.96, p < 0.001), indicating that GAI does not adequately separate general intelligence from PS. For this reason, 
as well as keeping consistent with other studies in the field, WISC-FSIQ was used as the measure of general intel-
ligence for all analyses. The correlation between WISC-FSIQ and PC1 was strong (r(841) = 0.57, p = <0.001).

Note that the primary results reported in the following sections of the manuscript are not corrected for FSIQ 
due to concerns about potential overcorrection. However, we do report in each section whether or not correction 
for FSIQ modified our findings and provide more comprehensive reporting in the supplementary materials.

WISC-IV 
Symbol 
Search (EEG)

NIH Pattern 
Comparison

WISC-V 
Coding

WISC-V 
Symbol Search 
(Clinician) PC1

WISC-IV Symbol 
Search (EEG) 1

NIH Pattern 
Comparison 0.136 1

WISC-V Coding 0.535 0.253 1

WISC-V Symbol 
Search (Clinician) 0.622 0.268 0.663 1

PC1 0.867 0.667 0.8951 0.913 1

Table 2.  Reliabilities and FDR-corrected correlations calculated between the four different processing speed 
tasks, as well as the principal component-based composite score (i.e., first principal component - PC1).
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Associations with psychopathology: categorical diagnoses.  Results for Aim 2 indicated a relation-
ship between processing speed and diagnoses of ADHD and SLD after the main seven diagnoses were included. 
Multiple linear regression analyses were performed to test for specific associations between processing speed 
(PC1) and the DSM-V diagnoses assessed using the KSADS. Significant negative relationships were detected 
for the presence of each, ADHD-Inattentive presentation, ADHD-Combined presentation, and both SLD sub-
groups, after accounting for age, sex, SES, motor skills, and collection site (F = 27.56, df = 786, adjusted R2 = 0.29; 
Table 3). Sex significantly predicted PC1 (b = 0.414, SE = 0.097, p = 2.3E-05***) indicating that females are faster 
at PS tasks. SES (b = 0.009, SE = 0.003, p = 0.006**), collection site (b = 0.23, SE = 0.10, p = 0.017*) and motor 
control (b = 0.346, SE = 0.037, p = 1.56E-19***) also significantly contribute to PS outcomes in the categorical 
model. Age was not a significant predictor of PC1 (b = −0.014, SE = 0.020, p = 0.483), likely due to PC1 being age 
corrected through standardized scores. Accounting for FSIQ does not change significance in diagnosis predicting 
PS deficit, with the exception of SLD-reading subgroup becoming nonsignificant.

Included in Table 3 are analyses that show which diagnoses significantly predict PC1 when that sole diagnosis, 
along with the demographic and motor variables, is entered into a linear regression predicting PC1.

Associations with symptomatology: dimensional measures.  Results for Aim 3 indicated relation-
ships between processing speed and symptoms of ASD and ADHD. Correlation analyses (corrected for multiple 
comparisons using false discovery rate) showed that PC1 exhibited significant negative correlations with symp-
toms of inattention (r(839) = −0.21, p < 0.001) and hyperactivity (r(839) = −0.13, p < 0.001) as measured by the 
SWAN subscales. In addition, the three measures of ASD were negatively correlated with PC1 (ASSQ r(839) = 
−0.21, p < 0.001; SCQ r(841) = −0.18, p < 0.001; SRS r(841) = −0.21, p < 0.001).

These measures were then entered into a multiple regression analysis to analyze relationships among these 
variables; age, sex, SES, motor control and collection site were included as confound variables (F = 21.27, df 
= 783, adjusted R2 = 0.20; Table 4). The SWAN Inattention subscale (SWAN-IN) was found to have as strong, 
independent negative association with PC1, as well as the ASSQ. In addition, sex, SES, collection site, and motor 
control were significant. When FSIQ is included in the model, the significance and direction of the results remain 
the same. If the questionnaires are examined in isolation, with each of the five subscales predicting PC1 while 
accounting for demographic variables in a linear regression, four of the five scales significantly predict PC1, with 
SCQ being borderline (Table 4).

Post-Hoc examination of associations with inattention.  Given the strong relationship between the 
SWAN-Inattention subscale and PC1, we included the SWAN-Inattentive subscale score as a predictor in the 
categorical regression model examining clinician diagnoses as predictors of PC1 (F = 25.84, df = 783, adjusted 
R2 = 0.29). When inattentive symptoms were included in the model, the relationship between ADHD-C and 
PC1 was no longer significant (p = 0.12). This indicates that the relationship between ADHD-C and PS deficit is 
reliant upon inattention, as opposed to other executive function (EF) deficit. ADHD-I continued to significantly 
predict PC1 (p = 0.0005). The two SLD subgroups also continued to significantly predict PC1 after accounting 
for inattentive symptoms (SLD-Reading p = 0.0002; SLD-Math p = 3.34E-13). This indicates that there are factors 
that account for the relationship between SLD and PS deficit apart from inattentive symptoms. When FSIQ is 
included in the model, both presentations of ADHD predict PC1, and only the SLD-Math subgroup significantly 
predicts PC1.

Discussion
The present study leveraged the transdiagnostic Healthy Brain Network Biobank to explore the relationship 
between PS deficits and psychopathology, both with respect to DSM-V diagnoses and commonly used dimen-
sional psychiatric assessments. Consistent with prior work, our examination of individual associations between 
PS and each, DSM-V disorders and their related dimensional measures, implicated PS impairments in atten-
tion deficit/hyperactivity (ADHD)8,9,14,25,82,83, autism spectrum (ASD)2,8,9,29,45,47 and specific learning disabilities 
(SLD)9,10,13,15,16,37. Despite different methods, these findings are consistent with those of previous transdiagnos-
tic studies examining processing speed8,9. However, multiple regression analyses that included all diagnostic 

Each Diagnosis Modeled in Separate Models Diagnoses Modeled Together

beta SE p-value F statistic df Adjusted R² beta SE p-value

ADHD-I −0.444 0.106 7.21E-05*** 32.34054 792 0.19 −0.546 0.109 6.32E-07***

ADHD-C −0.175 0.115 0.182 29.24027 792 0.18 −0.322 0.118 0.0065**

ASD −0.316 0.140 0.043* 29.79968 792 0.18 −0.153 0.133 0.25

SLD-Math −0.981 0.109 1.30E-17*** 45.16474 792 0.25 −0.844 0.111 6.87E-14***

SLD-Reading −0.674 0.116 3.20E-08*** 35.62329 792 0.21 −0.444 0.115 0.00011***

Anxiety 0.048 0.106 0.65 28.81604 792 0.17 0.0232 0.101 0.82

Depression 0.172 0.180 0.40 28.95878 792 0.17 0.144 0.171 0.4

Table 3.  Processing speed regressed on categorical diagnostic labels—comparing when the 7 disorders are 
included in one regression model predicting processing speed (as indexed by PC1), and when each one is 
modeled alone. For all regression models, demographic variables (age, sex, SES, collection site) and grooved 
pegboard were included as nuisance covariates. For the single diagnosis models, p values were FDR-corrected.
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categories simultaneously (thereby accounting for shared variation) suggested more specific associations with 
ADHD and learning disorders. Among individuals with ADHD, associations appeared to be most related to 
symptoms of inattention, as dimensional measures of hyperactivity did not exhibit specific significant association 
with PS, and relations with ADHD-C diagnosis do not remain if dimensional measures of inattention are con-
sidered. Finally it is worth noting that consistent with prior work83–86, being male was an independent negative 
predictor for processing speed, while higher socioeconomic status was a positive predictor.

Processing speed, autism, and internalizing disorders.  In contrast to subsets of reports in the emerg-
ing literature for PS associations with psychopathology2,8,45,47,57,58,60, we did not find any specific associations 
between PS and the diagnoses of ASD, anxiety, and depression. Furthermore, only ASD exhibited a significant 
association with PS prior to accounting for other diagnoses. While this may reflect differences in sampling strat-
egies between the present work and other studies, it is also possible that these findings could be explained by 
comorbid diagnosis of ADHD or the presence of inattentive symptoms54,87,88. The same pattern emerged dimen-
sionally, as the ASD questionnaires significantly predicted PS deficit when examined in isolation, but largely 
failed to do so when inattentive symptoms were included in the model. At a minimum, our findings suggest the 
importance of future efforts to consider transdiagnostic perspectives when attempting to establish associations - 
particularly for diagnoses known to have a high frequency of co-occurring ADHD (e.g., ASD, anxiety disorders) 
and the advantages of working within a multiple deficit framework.

Processing speed and learning.  As largely indicated in the literature10–12,41,43, the presence of a SLD sig-
nificantly predicted PS deficit. Reading and mathematics impairment subgroups were each related to PS deficit 
when examined through a categorical lens. Interestingly, both subtypes predicted PS even after controlling for 
inattention, suggesting that other factors could mediate the relationship between SLD and PS deficit. Also within 
the categorical framework, the SLD-Reading subgroup failed to predict PS after controlling for FSIQ. This could 
be due to the strong relationship between intelligence and learning; it is also worth keeping in mind that there 
are speeded components of FSIQ, including the PS tasks, Visual Puzzles, Figure Weights and Block Design. These 
collective findings support previous research showing a relationship between MD, RD, and PS deficit22,40,42,43. A 
wider array of PS tasks would be necessary to more fully unpack the relationships between SLD, inattention, and 
domain specific PS difficulties.

Processing speed and ADHD.  The prominence of findings for ADHD in the present work is not surprising, 
though relations with PS were found to be notably more consistent across analyses for ADHD-I than ADHD-C. 
Recent reports have associated ADHD-related deficits in PS to a number of other areas of impairment in ADHD, 
including externalizing behaviors27,31,38,89, inhibition deficits31,81,82,90–92, and working memory deficits1,92,93. This 
study points to inattention as having the driving role in the relationships between ADHD presentations and 
PS deficits, supporting previous research highlighting inattention30–32,34,37. In the categorical model, ADHD-C 
predicts PS deficits, but this relationship becomes non-significant when accounting for inattentive symptoms. 
Similarly, in the dimensional analysis, hyperactive symptoms did not significantly predict PC1 when inattention 
and autistic symptoms were included. Given that the role of ADHD-C in PS deficits is highly debated, and that 
the nature of how hyperactive symptoms and inattentive symptoms interact with each other and with PS deficits 
is a complex topic, further research into these specific symptoms and their interaction with each other and with 
PS is needed.

Processing speed and potential confounds.  In line with previous research84–86,94, females generally had 
higher PS scores than males, and sex was a significant predictor of PS in all analyses. This was found to be true 
even after accounting for all dimensional measures of psychopathology. Similarly, motor control was strongly 
and frequently associated with PS, which underlines the importance of accounting for motor deficits, as these 
are common in children with SLD, ADHD, and ASD30,47,55,61,81,91. In accordance with previous work on the rela-
tionship between SES and PS95–97, SES was also significantly positively associated with PS throughout all analyses. 
There were no significant associations with age, which is typically seen as being very important in PS develop-
ment, though this is likely due to the use of standardized PS scores, which are age-normalized.

Each Questionnaire Modeled in Separate Model Questionnaires Modeled Together

beta SE p-value F statistic df Adjusted R² beta SE p-value

SWAN-IN −0.221 0.04 3.02E-07*** 34.3199 787 0.18 −0.22 0.05 1.71E-05***

SWAN-HY −0.13 0.04 0.0033** 30.10752 787 0.2 0.026 0.05 0.64

ASSQ −0.02 0.005 0.00065*** 30.99247 787 0.18 −0.019 0.009 0.025*

SRS −0.005 0.002 0.0014*** 30.52574 787 0.18 0.0023 0.003 0.45

SCQ −0.019 0.01 0.0503 29.03677 787 0.18 0.0025 0.013 0.85

Table 4.  Processing speed regressed on dimensional measures — comparing when the 5 questionnaires are 
included in one regression model predicting processing speed (as indexed by PC1), and when each one is 
modeled alone. For all regression models, demographic variables and grooved pegboard were included as 
nuisance covariates. For the single questionnaire models, p values were FDR-corrected.
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Reliability of processing speed measurement.  For the purposes of the present work, we made use of a 
single construct derived from scores obtained using all four processing speed tasks included in the Healthy Brain 
Network to have the most robust measure of processing speed. However, an important caution that emerges from 
the present work is the low to moderate reliability among the different processing speed tasks. Most notable, 
were those between the NIH Toolbox Pattern Comparison task and the WISC-based instruments (i.e., Symbol 
Search, Coding), which ranged between 0.136 and 0.268. These are in a similar range to prior work98–100, though 
somewhat lower - likely reflecting the notably larger sample size in the present work, as well as possible increases 
in within-individual variation that would be expected with the presence of mental health and learning disorders 
in our sample. The Pattern Comparison task is unique in that it does not have the extent of working memory 
requirements or motor demands present in Symbol Search or Coding, likely explaining the larger disparity in 
reliabilities with other tasks. Regardless of which task one employs, our findings regarding the reliability among 
processing speed tasks raises cautions for the study of these tasks in small samples, as the lower reliabilities will 
inherently increase false positive and negative findings. The supplemental materials indicate overall consistency 
with PC1, though a few variances that should be considered when interpreting task results.

Limitations.  The present study has several limitations that should be considered when evaluating its clinical 
significance and replicability. The first is that this study uses a convenience sample, created from a dataset that 
already existed and was not designed specifically for this analysis. Therefore, there is no randomization of task 
order. Secondly, the PC1 variable accounted for 60% of the variance in the four tasks; the ideal variance for a 
principal component is 70–80%. This relatively low variance is due to an uneven capture of the four tasks, with 
NIH Toolbox having a weaker relationship and less in common with the other three tasks. Third, PC1 is not a set 
construct–the value of this construct depends on both the individual performance on the four PS measures, as 
well as the performance of the rest of the sample used to calculate it. Similarly, a fourth limitation is the necessity 
for administration of all four tasks in order for these results to generalize to clinical application. Finally, there were 
confounding environmental factors during the WISC-IV computerized Symbol Search task, as participants sat in 
a dark room with a wet EEG cap on their heads.

Future directions.  Looking forward, future research would benefit from further exploration of the relation-
ship between PS deficits and specific neuropsychological deficits underlying ADHD and SLD symptomatology. 
Given the prevalence of PS deficits across a range of disorders in the present work and the larger clinical literature, 
there may be a value to increased consideration of processing speed as a specific construct in transdiagnostic 
research frameworks (e.g., at the present time, the Research Domain Criteria (RDoC) project does not currently 
include PS in the cognitive systems domain). Additionally, from a clinical perspective, the findings of the present 
work motivate an increased focus on the screening of processing speed impairments in children with mental 
health disorders, particularly those exhibiting impairments in attention.

Data availability
The data upon which this study is based is available through the Healthy Brain Network (http://fcon_1000.
projects.nitrc.org/indi/cmi_healthy_brain_network/index.html). The datasets generated during and/or analyzed 
during the current study are available from the corresponding author on reasonable request.

Received: 26 September 2019; Accepted: 15 May 2020;
Published: xx xx xxxx

References
	 1.	 Jacobson, L. A. et al. Working memory influences processing speed and reading fluency in ADHD. Child Neuropsychol. 17, 

209–224 (2011).
	 2.	 Travers, B. G. et al. Longitudinal processing speed impairments in males with autism and the effects of white matter microstructure. 

Neuropsychologia 53, 137–145 (2014).
	 3.	 Floyd, R. G., Keith, T. Z., Taub, G. E. & McGrew, K. S. Cattell-Horn-Carroll cognitive abilities and their effects on reading decoding 

skills: g has indirect effects, more specific abilities have direct effects. Sch. Psychol. Q. 22, 200 (2007).
	 4.	 Rohde, T. E. & Thompson, L. A. Predicting academic achievement with cognitive ability. Intelligence 35, 83–92 (2007).
	 5.	 Gordon, R., Smith-Spark, J. H., Newton, E. J. & Henry, L. A. Executive Function and Academic Achievement in Primary School 

Children: The Use of Task-Related Processing Speed. Frontiers in Psychology vol. 9 (2018).
	 6.	 Thorsen, A. L., Meza, J., Hinshaw, S. & Lundervold, A. J. Processing Speed Mediates the Longitudinal Association between ADHD 

Symptoms and Preadolescent Peer Problems. Front. Psychol. 8, 2154 (2017).
	 7.	 Dickinson, D., Ramsey, M. E. & Gold, J. M. Overlooking the obvious: a meta-analytic comparison of digit symbol coding tasks and 

other cognitive measures in schizophrenia. Arch. Gen. Psychiatry 64, 532–542 (2007).
	 8.	 Calhoun, S. L. & Mayes, S. D. Processing speed in children with clinical disorders. Psychology in the Schools 42, 333–343 (2005).
	 9.	 Mayes, S. D. & Calhoun, S. L. Learning, Attention, Writing, and Processing Speed in Typical Children and Children with ADHD, 

Autism, Anxiety, Depression, and Oppositional-Defiant Disorder. Child Neuropsychology 13, 469–493 (2007).
	 10.	 Mattison, R. E. & Mayes, S. D. Relationships Between Learning Disability, Executive Function, and Psychopathology in Children 

With ADHD. Journal of Attention Disorders 16, 138–146 (2012).
	 11.	 Giofrè, D. & Cornoldi, C. The structure of intelligence in children with specific learning disabilities is different as compared to 

typically development children. Intelligence 52, 36–43 (2015).
	 12.	 Andersson, U. & Lyxell, B. Working memory deficit in children with mathematical difficulties: a general or specific deficit? J. Exp. 

Child Psychol. 96, 197–228 (2007).
	 13.	 Shanahan, M. A. et al. Processing speed deficits in attention deficit/hyperactivity disorder and reading disability. J. Abnorm. Child 

Psychol. 34, 585–602 (2006).
	 14.	 Willcutt, E. G., Pennington, B. F., Olson, R. K., Chhabildas, N. & Hulslander, J. Neuropsychological analyses of comorbidity 

between reading disability and attention deficit hyperactivity disorder: in search of the common deficit. Dev. Neuropsychol. 27, 
35–78 (2005).

https://doi.org/10.1038/s41598-020-66892-z


9Scientific Reports |        (2020) 10:10114  | https://doi.org/10.1038/s41598-020-66892-z

www.nature.com/scientificreportswww.nature.com/scientificreports/

	 15.	 Nelson, M. A. Exploring the relationships among various measures of processing speed in a sample of children referred for psychological 
assessments. (ProQuest, 2009).

	 16.	 Nydén, A., Gillberg, C., Hjelmquist, E. & Heiman, M. Executive Function/Attention Deficits in Boys with Asperger Syndrome, 
Attention Disorder and Reading/Writing Disorder. Autism 3, 213–228 (1999).

	 17.	 McGrath, L. M. et al. A multiple deficit model of reading disability and attention-deficit/hyperactivity disorder: searching for 
shared cognitive deficits. J. Child Psychol. Psychiatry 52, 547–557 (2011).

	 18.	 Moll, K., Göbel, S. M., Gooch, D., Landerl, K. & Snowling, M. J. Cognitive Risk Factors for Specific Learning Disorder: Processing 
Speed, Temporal Processing, and Working Memory. J. Learn. Disabil. 49, 272–281 (2016).

	 19.	 Geary, D. C., Hoard, M. K., Byrd-Craven, J., Nugent, L. & Numtee, C. Cognitive mechanisms underlying achievement deficits in 
children with mathematical learning disability. Child Dev. 78, 1343–1359 (2007).

	 20.	 Lambert, K. & Spinath, B. Conservation Abilities, Visuospatial Skills, and Numerosity Processing Speed: Association With Math 
Achievement and Math Difficulties in Elementary School Children. J. Learn. Disabil. 51, 223–235 (2018).

	 21.	 MacKinnon McQuarrie, M. A., Siegel, L. S., Perry, N. E. & Weinberg, J. Reactivity to stress and the cognitive components of math 
disability in grade 1 children. J. Learn. Disabil. 47, 349–365 (2014).

	 22.	 Cai, D., Li, Q. W. & Deng, C. P. Cognitive processing characteristics of 6th to 8th grade Chinese students with mathematics learning 
disability: Relationships among working memory, PASS processes, and processing speed. Learning and Individual Differences 27, 
120–127 (2013).

	 23.	 Kalff, A. C. et al. Speed, speed variability, and accuracy of information processing in 5 to 6-year-old children at risk of ADHD. 
Journal of the International Neuropsychological Society vol. 11 (2005).

	 24.	 Walg, M., Hapfelmeier, G., El-Wahsch, D. & Prior, H. The faster internal clock in ADHD is related to lower processing speed: 
WISC-IV profile analyses and time estimation tasks facilitate the distinction between real ADHD and pseudo-ADHD. European 
Child & Adolescent Psychiatry 26, 1177–1186 (2017).

	 25.	 Zieman, S. F. Performance Analysis on the WISC-IV Working Memory and Processing Speed Index Among ADHD subtypes. 
(Nova Southeastern University, 2010).

	 26.	 Beadle, C. L. Attentional impairment and processing speed in children diagnosed with attention deficit hyperactivity disorder. 
(2009).

	 27.	 Frazier, T. W., Demaree, H. A. & Youngstrom, E. A. Meta-Analysis of Intellectual and Neuropsychological Test Performance in 
Attention-Deficit/Hyperactivity Disorder. Neuropsychology 18, 543–555 (2004).

	 28.	 Geurts, H., Verte, S., Oosterlaan, J., Roeyers, H. & Sergeant, J. ADHD subtypes: do they differ in their executive functioning profile? 
Archives of Clinical Neuropsychology 20, 457–477 (2005).

	 29.	 Li, G., Jiang, W., Du, Y. & Rossbach, K. Intelligence profiles of Chinese school-aged boys with high-functioning ASD and ADHD. 
Neuropsychiatric Disease and Treatment 13, 1541–1549 (2017).

	 30.	 Nigg, J. T., Blaskey, L. G., Huang-Pollock, C. L. & Rappley, M. D. Neuropsychological Executive Functions and DSM-IV ADHD 
Subtypes. Journal of the American Academy of Child & Adolescent Psychiatry 41, 59–66 (2002).

	 31.	 Solanto, M. V. et al. Neurocognitive functioning in AD/HD, predominantly inattentive and combined subtypes. J. Abnorm. Child 
Psychol. 35, 729–744 (2007).

	 32.	 Adalio, C. J., Owens, E. B., McBurnett, K., Hinshaw, S. P. & Pfiffner, L. J. Processing Speed Predicts Behavioral Treatment Outcomes 
in Children with Attention-Deficit/Hyperactivity Disorder Predominantly Inattentive Type. Journal of Abnormal Child Psychology 
46, 701–711 (2018).

	 33.	 G, C. L. & C, L. G. A comparison of the neuropsychological profiles of the DSM-IV subtypes of ADHD. Journal of Developmental 
& Behavioral Pediatrics vol. 23 120 (2002).

	 34.	 Mayes, S. D., Calhoun, S. L., Chase, G. A., Mink, D. M. & Stagg, R. E. ADHD Subtypes and Co-Occurring Anxiety, Depression, and 
Oppositional-Defiant Disorder. Journal of Attention Disorders 12, 540–550 (2009).

	 35.	 Hale, J. B. et al. Cognitive and neuropsychological assessment of attention-deficit/hyperactivity disorder: Redefining a disruptive 
behavior disorder. Contemporary intellectual assessment: Theories, tests, and 687–707 (2012).

	 36.	 Hellwig-Brida, S., Daseking, M., Petermann, F. & Goldbeck, L. Components of Intelligence and Attention in Boys with ADHD. Z. 
Klin. Psychol. Psychiatr. Psychother. 58, 299–308 (2010).

	 37.	 Weiler, M. D., Bernstein, J. H., Bellinger, D. C. & Waber, D. P. Processing Speed in Children With Attention Deficit/Hyperactivity 
Disorder, Inattentive Type. Child Neuropsychology 6, 218–234 (2000).

	 38.	 Willcutt, E. G. et al. The Internal and External Validity of Sluggish Cognitive Tempo and its Relation with DSM–IV ADHD. Journal 
of Abnormal Child Psychology 42, 21–35 (2014).

	 39.	 Thaler, N. S., Bello, D. T. & Etcoff, L. M. WISC-IV profiles are associated with differences in symptomatology and outcome in 
children with ADHD. J. Atten. Disord. 17, 291–301 (2013).

	 40.	 Andersson, U. Skill development in different components of arithmetic and basic cognitive functions: Findings from a 3-year 
longitudinal study of children with different types of learning difficulties. J. Educ. Psychol. 102, 115 (2010).

	 41.	 Willcutt, E. G. et al. Comorbidity between reading disability and math disability: concurrent psychopathology, functional 
impairment, and neuropsychological functioning. J. Learn. Disabil. 46, 500–516 (2013).

	 42.	 Tannock, R., Martinussen, R. & Frijters, J. Naming speed performance and stimulant effects indicate effortful, semantic processing 
deficits in attention-deficit/hyperactivity disorder. J. Abnorm. Child Psychol. 28, 237–252 (2000).

	 43.	 Child, A. E., Cirino, P. T., Fletcher, J. M., Willcutt, E. G. & Fuchs, L. S. A Cognitive Dimensional Approach to Understanding Shared 
and Unique Contributions to Reading, Math, and Attention Skills. J. Learn. Disabil. 52, 15–30 (2019).

	 44.	 Peterson, R. L. et al. Cognitive Prediction of Reading, Math, and Attention: Shared and Unique Influences. J. Learn. Disabil. 50, 
408–421 (2017).

	 45.	 Li, G., Du, Y., Luan, F., Li, M. & Ousley, O. IQ profiles and clinical symptoms of Chinese school-aged boys with autism spectrum 
disorder. The European Journal of Psychiatry 31, 59–65 (2017).

	 46.	 Nydén, A., Billstedt, E., Hjelmquist, E. & Gillberg, C. Neurocognitive stability in Asperger syndrome, ADHD, and reading and 
writing disorder: a pilot study. Dev. Med. Child Neurol. 43, 165–171 (2001).

	 47.	 Mayes, S. D. & Calhoun, S. L. WISC-IV and WIAT-II Profiles in Children With High-Functioning Autism. Journal of Autism and 
Developmental Disorders 38, 428–439 (2008).

	 48.	 Franzwa, M. G. Intellectual and academic correlates of attention in children with autism spectrum disorder. Dissertation Abstracts 
International: Section B: The Sciences and Engineering (2016).

	 49.	 Corbett, B. A., Constantine, L. J., Hendren, R., Rocke, D. & Ozonoff, S. Examining executive functioning in children with autism 
spectrum disorder, attention deficit hyperactivity disorder and typical development. Psychiatry Research 166, 210–222 (2009).

	 50.	 Yoran-Hegesh, R., Kertzman, S., Vishne, T., Weizman, A. & Kotler, M. Neuropsychological mechanisms of Digit Symbol 
Substitution Test impairment in Asperger Disorder. Psychiatry Research 166, 35–45 (2009).

	 51.	 Hill, E. L. Executive dysfunction in autism☆. Trends in Cognitive Sciences 8, 26–32 (2004).
	 52.	 Bucaille, A. et al. Cognitive profile in adults with Asperger syndrome using WAIS-IV: Comparison to typical adults. Research in 

Autism Spectrum Disorders 21, 1–9 (2016).
	 53.	 Wallace, G. L., Anderson, M. & Happé, F. Brief Report: Information Processing Speed is Intact in Autism but not Correlated with 

Measured Intelligence. Journal of Autism and Developmental Disorders 39, 809–814 (2009).

https://doi.org/10.1038/s41598-020-66892-z


1 0Scientific Reports |        (2020) 10:10114  | https://doi.org/10.1038/s41598-020-66892-z

www.nature.com/scientificreportswww.nature.com/scientificreports/

	 54.	 Mayes, S. D., Calhoun, S. L., Mayes, R. D. & Molitoris, S. Autism and ADHD: Overlapping and discriminating symptoms. Research 
in Autism Spectrum Disorders 6, 277–285 (2012).

	 55.	 Kenworthy, L., Yerys, B. E., Weinblatt, R., Abrams, D. N. & Wallace, G. L. Motor demands impact speed of information processing 
in autism spectrum disorders. Neuropsychology 27, 529–536 (2013).

	 56.	 Tsourtos, G., Thompson, J. C. & Stough, C. Evidence of an early information processing speed deficit in unipolar major depression. 
Psychological Medicine 32, 259–265 (2002).

	 57.	 Weinberg, L. B. The effects of depression and anxiety disorders in children on the wechsler intelligence scale for children - fourth 
edition. Dissertation Abstracts International: Section B: The Sciences and Engineering (2014).

	 58.	 Snyder, H. R. Major depressive disorder is associated with broad impairments on neuropsychological measures of executive 
function: A meta-analysis and review. Psychological Bulletin 139, 81–132 (2013).

	 59.	 Bjork, K. Effects of Internalizing Behaviors on Processing Speed and Academic Fluency. (2014).
	 60.	 Jekogian, A. An Examination of Factors Affecting Processing Speed in a High School Population Referred for Special Education 

Testing. (William James College, 2016).
	 61.	 Jakobson, A. & Kikas, E. Cognitive functioning in children with and without Attention-deficit/Hyperactivity Disorder with and 

without comorbid learning disabilities. J. Learn. Disabil. 40, 194–202 (2007).
	 62.	 Weiler, M. D., Bernstein, J. H., Bellinger, D. & Waber, D. P. Information Processing Deficits in Children with Attention-Deficit/

Hyperactivity Disorder, Inattentive Type, and Children with Reading Disability. Journal of Learning Disabilities 35, 449–462 (2002).
	 63.	 Geurts, H. M., Verte, S., Oosterlaan, J., Roeyers, H. & Sergeant, J. A. How specific are executive functioning deficits in attention 

deficit hyperactivity disorder and autism? Journal of Child Psychology and Psychiatry 45, 836–854 (2004).
	 64.	 Happé, F., Booth, R., Charlton, R. & Hughes, C. Executive function deficits in autism spectrum disorders and attention-deficit/

hyperactivity disorder: Examining profiles across domains and ages. Brain and Cognition 61, 25–39 (2006).
	 65.	 Sinzig, J., Morsch, D., Bruning, N., Schmidt, M. H. & Lehmkuhl, G. Inhibition, flexibility, working memory and planning in autism 

spectrum disorders with and without comorbid ADHD-symptoms. Child and Adolescent Psychiatry and Mental Health vol. 2 
(2008).

	 66.	 Ozonoff, S. & Jensen, J. Brief report: specific executive function profiles in three neurodevelopmental disorders. J. Autism Dev. 
Disord. 29, 171–177 (1999).

	 67.	 McAuley, T. & White, D. A. A latent variables examination of processing speed, response inhibition, and working memory during 
typical development. J. Exp. Child Psychol. 108, 453–468 (2011).

	 68.	 Wechsler, D. WISC-V: Wechsler Intelligence Scale for Children. (2014).
	 69.	 Wechsler, D. Wechsler Intelligence Scale for Children, Fourth Edition. PsycTESTS Dataset, https://doi.org/10.1037/t15174-000 

(2012).
	 70.	 Gershon, R. C. et al. NIH toolbox for assessment of neurological and behavioral function. Neurology 80, S2–6 (2013).
	 71.	 Barratt, W. The Barratt simplified measure of social status (BSMSS): Measuring SES. Unpublished manuscript, Indiana State 

University (2006).
	 72.	 Achenbach, T. M. The Child Behavior Checklist and related instruments. (1999).
	 73.	 Birmaher, B. et al. The Screen for Child Anxiety Related Emotional Disorders (SCARED): scale construction and psychometric 

characteristics. J. Am. Acad. Child Adolesc. Psychiatry 36, 545–553 (1997).
	 74.	 Angold, A. & Costello, E. J. Mood and feelings questionnaire (MFQ). Durham, NC: Developmental Epidemiology Program, Duke 

University (1987).
	 75.	 Stringaris, A. et al. The Affective Reactivity Index: a concise irritability scale for clinical and research settings. Journal of Child 

Psychology and Psychiatry 53, 1109–1117 (2012).
	 76.	 Swanson, J. M. et al. Categorical and Dimensional Definitions and Evaluations of Symptoms of ADHD: History of the SNAP and 

the SWAN Rating Scales. Int J Educ Psychol Assess 10, 51–70 (2012).
	 77.	 Ehlers, S., Gillberg, C. & Wing, L. A screening questionnaire for Asperger syndrome and other high-functioning autism spectrum 

disorders in school age children. J. Autism Dev. Disord. 29, 129–141 (1999).
	 78.	 Berument, S. K., Rutter, M., Lord, C., Pickles, A. & Bailey, A. Autism screening questionnaire: diagnostic validity. Br. J. Psychiatry 

175, 444–451 (1999).
	 79.	 Constantino, J. N. Social Responsiveness Scale Second Edition (SRS-2): Manual. (Western Psychological Services (WPS), 2012).
	 80.	 Bornstein, R. A. Normative data on selected neuropsychological measures from a nonclinical sample. J. Clin. Psychol. 41, 651–659 

(1985).
	 81.	 Hinshaw, S. P., Carte, E. T., Sami, N., Treuting, J. J. & Zupan, B. A. Preadolescent girls with attention-deficit/hyperactivity disorder: 

II. Neuropsychological performance in relation to subtypes and individual classification. Journal of Consulting and Clinical 
Psychology 70, 1099–1111 (2002).

	 82.	 Fuggetta, G. P. Impairment of executive functions in boys with attention deficit/hyperactivity disorder. Child Neuropsychol. 12, 
1–21 (2006).

	 83.	 Rucklidge, J. J. & Tannock, R. Neuropsychological profiles of adolescents with ADHD: effects of reading difficulties and gender. 
Journal of Child Psychology and Psychiatry 43, 988–1003 (2002).

	 84.	 Burns, N. R. & Nettelbeck, T. Inspection time and speed of processing: Sex differences on perceptual speed but not IT. Personality 
and Individual Differences 39, 439–446 (2005).

	 85.	 Camarata, S. & Woodcock, R. Sex differences in processing speed: Developmental effects in males and females. Intelligence 34, 
231–252 (2006).

	 86.	 Roivainen, E. Gender differences in processing speed: A review of recent research. Learning and Individual Differences 21, 145–149 
(2011).

	 87.	 Scheuffgen, K., Happeé, F., Anderson, M. & Frith, U. High ‘intelligence,’ low ‘IQ’? Speed of processing and measured IQ in children 
with autism. Development and Psychopathology 12, 83–90 (2000).

	 88.	 McClain, M. B., Hasty Mills, A. M. & Murphy, L. E. Inattention and hyperactivity/impulsivity among children with attention-
deficit/hyperactivity-disorder, autism spectrum disorder, and intellectual disability. Research in Developmental Disabilities 70, 
175–184 (2017).

	 89.	 Jepsen, J. R. M., Fagerlund, B. & Mortensen, E. L. Do Attention Deficits Influence IQ Assessment in Children and Adolescents With 
ADHD? Journal of Attention Disorders 12, 551–562 (2009).

	 90.	 Clarke, S. D. et al. Distinguishing symptom profiles in adolescent ADHD using an objective cognitive test battery. International 
Journal of Adolescent Medicine and Health vol. 19 (2007).

	 91.	 O’Driscoll, G. A. et al. Executive Functions and Methylphenidate Response in Subtypes of Attention-Deficit/Hyperactivity 
Disorder. Biological Psychiatry 57, 1452–1460 (2005).

	 92.	 Milich, R. ADHD Combined Type and ADHD Predominantly Inattentive Type Are Distinct and Unrelated Disorders. Clinical 
Psychology: Science and Practice 8, 463–488 (2001).

	 93.	 Shuai, L., Chan, R. C. K. & Wang, Y. Executive Function Profile of Chinese Boys with Attention-Deficit Hyperactivity Disorder: 
Different Subtypes and Comorbidity. Archives of Clinical Neuropsychology 26, 120–132 (2011).

	 94.	 Rucklidge, J. J. & Tannock, R. Psychiatric, psychosocial, and cognitive functioning of female adolescents with ADHD. J. Am. Acad. 
Child Adolesc. Psychiatry 40, 530–540 (2001).

https://doi.org/10.1038/s41598-020-66892-z
https://doi.org/10.1037/t15174-000


1 1Scientific Reports |        (2020) 10:10114  | https://doi.org/10.1038/s41598-020-66892-z

www.nature.com/scientificreportswww.nature.com/scientificreports/

	 95.	 Philbrook, L. E., Hinnant, J. B., Elmore-Staton, L., Buckhalt, J. A. & El-Sheikh, M. Sleep and cognitive functioning in childhood: 
Ethnicity, socioeconomic status, and sex as moderators. Dev. Psychol. 53, 1276–1285 (2017).

	 96.	 Hurst, L. et al. Lifetime socioeconomic inequalities in physical and cognitive aging. Am. J. Public Health 103, 1641–1648 (2013).
	 97.	 Arentoft, A. et al. Socioeconomic Status and Neuropsychological Functioning: Associations in an Ethnically Diverse HIV+ 

Cohort. Clin. Neuropsychol. 29, 232–254 (2015).
	 98.	 Tulsky, D. S. et al. National Institutes of Health Toolbox Cognition Battery (NIH Toolbox CB): Validation for children between 3 

and 15 years: V. NIH Toolbox Cognition Battery (CB): Measuring working memory. Monogr. Soc. Res. Child Dev. (2013).
	 99.	 Carlozzi, N. E. et al. NIH Toolbox Cognitive Battery (NIHTB-CB): The NIHTB Pattern Comparison Processing Speed Test. Journal 

of the International Neuropsychological Society 20, 630–641 (2014).
	100.	 Gershon, R. C. et al. Assessment of neurological and behavioural function: the NIH Toolbox. Lancet Neurol. 9, 138–139 (2010).

Acknowledgements
The work presented here was primarily supported by gifts to the Child Mind Institute from Phyllis Green, 
Randolph Cowen, and Joseph Healey, as well as NIMH awards to Dr. Milham (U01MH099059, R01MH091864). 
Additionally, we would like to thank Aki Nikolaidis and Ting Xu for their advice regarding our analytic strategy, 
as well as Nicolas Langer for his advice in thinking through our study. We would like to thank and acknowledge 
the thousands of families who participated in this ongoing project and the generous philanthropic supports who 
made it possible, as well as the mental health organizations, service providers, and clinicians across NYC who 
continue to refer families to our team.

Author contributions
Eliza Kramer, Bonhwang Koo, and Anita Restrepo contributed equally to all portions of the manuscript. Maki 
Koyama contributed in conception, data analysis, and data interpretation. Rebecca Neuhaus and Charissa 
Andreotti contributed to the conception and interpretation of results. Kenneth Pugh contributed to data 
interpretation and revision of the manuscript. Michael Milham contributed to all portions of the manuscript, as 
well as acting in a supervisory role. All authors reviewed the manuscript.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information is available for this paper at https://doi.org/10.1038/s41598-020-66892-z.
Correspondence and requests for materials should be addressed to M.M.
Reprints and permissions information is available at www.nature.com/reprints.
Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© The Author(s) 2020

https://doi.org/10.1038/s41598-020-66892-z
https://doi.org/10.1038/s41598-020-66892-z
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Diagnostic Associations of Processing Speed in a Transdiagnostic, Pediatric Sample

	Processing speed and psychopathology

	Processing speed and learning

	Processing speed and ADHD

	Processing speed, autism, and internalizing disorders

	Methodology of examining processing speed and psychopathology

	The present study

	Method

	Participants. 
	Processing speed. 
	General intelligence. 
	Psychiatric diagnosis. 
	Learning disabilities. 
	Parent and self-report questionnaires. 
	Motor control. 
	Quality assurance. 
	Data reduction. 
	Statistical analysis. 

	Results

	Sample characteristics. 
	Inter-measure reliability. 
	Accounting for potential confounds: age, sex, SES, motor control, full scale IQ. 
	Associations with psychopathology: categorical diagnoses. 
	Associations with symptomatology: dimensional measures. 
	Post-Hoc examination of associations with inattention. 

	Discussion

	Processing speed, autism, and internalizing disorders. 
	Processing speed and learning. 
	Processing speed and ADHD. 
	Processing speed and potential confounds. 
	Reliability of processing speed measurement. 
	Limitations. 
	Future directions. 

	Acknowledgements

	Table 1 Processing Speed Task Descriptions.
	Table 2 Reliabilities and FDR-corrected correlations calculated between the four different processing speed tasks, as well as the principal component-based composite score (i.
	Table 3 Processing speed regressed on categorical diagnostic labels—comparing when the 7 disorders are included in one regression model predicting processing speed (as indexed by PC1), and when each one is modeled alone.
	Table 4 Processing speed regressed on dimensional measures — comparing when the 5 questionnaires are included in one regression model predicting processing speed (as indexed by PC1), and when each one is modeled alone.




